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Transferring AI from the Lab to the Car
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Transferring AI from the Lab to the Car
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The Real World Delta
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The Embedded Systems Delta
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Highlight-Presentations

• Domenik Helms – AI Hardware Modeling

• Saqib Bukhari – Interpretable Pruning

• Philipp Schröppel – Robust Depth Estimation
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Prediction
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Modeling idea
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Prediction of AI Properties
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Benchmark results
neural compute stick
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Benchmark results GPU
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Optimization

3



Tucker decomposition
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Introducing NAS
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Combining TC and NAS

Final Event | Automotive Suitability 16

rank NAS

filte
r NAS

un
mod

ifi
ed

TC SOTA FP SOTA

A +0.17%
S 87.5%

A +0.04%
S 11.7%

A -2.2%
S 2.9%



Execution time on various HW platforms
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KI Delta Learning is a project of the KI Familie. It was initiated 
and developed by the VDA Leitinitiative autonomous and 

connected driving and is funded by the Federal Ministry for 

Economic Affairs and Climate Action.

Thank you for your attention
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